
  International Journal of Advanced Research in Computer Science & Technology (IJARCST)       

                         | ISSN: 2347-8446 | www.ijarcst.org | editor@ijarcst.org |A Bimonthly, Peer Reviewed & Scholarly Journal| 

     ||Volume 6, Issue 1, January-February 2023|| 

       DOI:10.15662/IJARCST.2023.0601002 

IJARCST©2023                                                         |     An ISO 9001:2008 Certified Journal   |                                                7622 

  

 

     

Automated Data Pipelines for Real-Time 

Analytics in Big Data Ecosystems 
 

Thrity Umrigar 

IPS Academy Institute of Engineering & Science, Indore, India 

 

ABSTRACT: Automated data pipelines are critical for enabling real-time analytics in Big Data ecosystems. These 

pipelines support continuous ingestion, transformation, and delivery of streaming and batch data to drive timely 

insights. This review examines the state-of-the-art up to 2022, focusing on scalable tools, architectural patterns, and 

automation strategies. We analyze open-source platforms such as Apache NiFi (for flow-based ETL), Kafka (high-

throughput messaging), Flink (stream and batch processing), and Airflow (workflow orchestration), alongside real-time 

analytical stores like Apache Druid. Workflow orchestration tools including Prefect, Dagster, and MLRun demonstrate 

growing sophistication in handling dynamic pipelines. Studies like H-STREAM exemplify microservice-based stream 

pipelines, while AI-enhanced pipelines optimize data quality and processing performance. Our methodology includes 

systematic literature review and tool ecosystem mapping. Key findings highlight the centrality of event-driven, 

microservice architectures, unified stream-batch engines, and observability for real-time demands. The automated 

pipeline workflow typically encompasses ingestion (e.g., Kafka), orchestration (e.g., Airflow), processing (e.g., Flink), 

storage and analytics (e.g., Druid), with quality control integrated via AI techniques. Advantages include speed, 

scalability, and reduced manual intervention; disadvantages involve operational complexity and steep learning curves. 

We conclude that real-time pipelines have matured but require further work on automation, data reliability, AI-based 

optimization, and governance. Future work should prioritize self-healing pipelines, unified orchestration layers, and 

stronger integration with ML workflows. 
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I. INTRODUCTION 

 

The modern Big Data ecosystem demands real-time analytics for applications ranging from fraud detection to IoT 

monitoring. Traditional batch-oriented pipelines introduce latency, limiting responsiveness. Automated data 

pipelines—designed to continuously ingest, transform, and deliver data with minimal human intervention—address this 

gap. 

 

Tool ecosystems have evolved to support such needs. Apache NiFi, a flow-based ETL platform offering GUI-based 

pipeline design, supports real-time streaming and clustering capabilities Wikipedia. Kafka, a high-throughput, fault-

tolerant distributed streaming platform, serves as the backbone for event-driven ingestion and messaging Data Stack 

HubByteHouse. For processing, Apache Flink enables unified stream and batch analytics with low latency and stateful 

computations WikipediaData Stack Hub. 

 

To coordinate complex pipelines, orchestration tools like Apache Airflow (Python-based DAGs, scheduling, 

monitoring) have become essential WikipediaEstuary. Analytical storage engines such as Apache Druid support rapid 

query capabilities for real-time dashboards Wikipedia. 

 

Architectures increasingly favor event-driven design, AI-enhanced data quality controls, and microservice pipelines. 

For example, AI techniques greatly reduce data quality issues and optimize stream processing performance 

ResearchGate. Research platforms like H-STREAM demonstrate microservice-based architectures tuned for streaming 

analytics in cloud environments arXiv. 

 

This introduction sets the stage for an in-depth exploration of tools, architectures, workflows, and the balance of 

automation in real-time pipeline development. 

 

 

https://en.wikipedia.org/wiki/Apache_NiFi?utm_source=chatgpt.com
https://www.datastackhub.com/top-tools/open-source-data-engineering-tools/?utm_source=chatgpt.com
https://www.datastackhub.com/top-tools/open-source-data-engineering-tools/?utm_source=chatgpt.com
https://bytehouse.cloud/blog/popular-data-pipelines-components?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Flink?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Flink?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Airflow?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Airflow?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Druid?utm_source=chatgpt.com
https://www.researchgate.net/publication/388700324_REVOLUTIONIZING_REAL-TIME_BIG_DATA_PIPELINES_WITH_AI_A_COMPREHENSIVE_GUIDE?utm_source=chatgpt.com
https://arxiv.org/abs/2108.03485?utm_source=chatgpt.com
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II. LITERATURE REVIEW 

 

Automation in real-time data pipelines leverages a spectrum of open-source tools and research frameworks: 

 Ingestion and Flow Management: Apache NiFi enables GUI-based, real-time data flow automation with 

extensibility and clustering support Wikipedia. 

 Messaging and Streaming Platforms: Apache Kafka remains a cornerstone for reliable, scalable event streaming 

in real-time pipelines Data Stack HubByteHouse. 

 Stream and Batch Processing Engines: Apache Flink offers high-throughput, low-latency processing with strong 

event-time and stateful semantics, especially compared to frameworks like Storm WikipediaData Stack Hub. 

 Workflow Orchestration: Airflow orchestrates pipelined tasks via Python-defined DAGs. Tools like Prefect, 

Dagster, MLRun, and Metaflow further enhance orchestration in machine learning and analytics domains 

MediumEstuaryAirbyte. 

 Real-Time Data Stores: Apache Druid provides fast, distributed OLAP storage designed for real-time queries, 

powering BI dashboards Wikipedia. 

 Microservice Architectures for Pipelines: The H-STREAM engine proposes microservice-based stream 

processing pipelines in cloud environments to address IoT speed and scale arXiv. 

 AI-Enabled Quality and Optimization: AI-enhanced systems significantly improve data quality detection (~95% 

vs. 70%) and achieve sub-millisecond latency under heavy loads by applying intelligent partitioning and batching 

strategies ResearchGate. 

 

This review collates key tools and architectures that have shaped automated real-time pipeline development up to 2022. 

 

III. RESEARCH METHODOLOGY 

 

This study adopts a systematic review approach based on published pre-2022 research and documentation: 

1. Tool Ecosystem Survey: We compiled open-source tools vital to automated real-time pipelines—NiFi, Kafka, 

Flink, Airflow, Druid—from Wikipedia and data engineering blogs Wikipedia+3Wikipedia+3Wikipedia+3Data Stack 

HubEstuaryAirbyte. 

2. Domain-Specific Research Analysis: Evaluated research works exploring AI-assisted pipeline optimization and 

microservice architectures, such as the H-STREAM framework and AI-based quality controls arXivResearchGate. 

3. Thematic Synthesis: Identified recurring themes—ingestion, orchestration, processing, storage, AI augmentation—

to outline real-time pipeline workflows. 

4. Pros and Cons Evaluation: Informed evaluation of tool trade-offs and pipeline challenges through literature 

review. 

 

This methodology ensures well-structured synthesis of existing knowledge and actionable insights. 

 

 
 

IV. KEY FINDINGS 

 

1. Broad Tool Maturity: Platforms such as NiFi, Kafka, Flink, Airflow, and Druid provide solid foundations for real-

time pipelines, covering ingestion, processing, orchestration, and analytics Wikipedia+3Wikipedia+3Wikipedia+3Data 

Stack Hub. 

2. Unified Stream-Batch Processing: Flink’s support for both stream and batch workloads simplifies architecture and 

supports real-time analytics needs WikipediaData Stack Hub. 

3. Automation with Orchestration Tools: Airflow and newer tools like Prefect enable code-defined, scheduled 

pipeline management supporting automation and observability MediumEstuaryAirbyte. 

https://en.wikipedia.org/wiki/Apache_NiFi?utm_source=chatgpt.com
https://www.datastackhub.com/top-tools/open-source-data-engineering-tools/?utm_source=chatgpt.com
https://www.datastackhub.com/top-tools/open-source-data-engineering-tools/?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Flink?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Flink?utm_source=chatgpt.com
https://medium.com/%40RC.Adhikari/data-pipeline-popular-widely-used-free-and-open-source-platforms-0b40cc273bea?utm_source=chatgpt.com
https://medium.com/%40RC.Adhikari/data-pipeline-popular-widely-used-free-and-open-source-platforms-0b40cc273bea?utm_source=chatgpt.com
https://airbyte.com/top-etl-tools-for-sources/data-orchestration-tools?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Druid?utm_source=chatgpt.com
https://arxiv.org/abs/2108.03485?utm_source=chatgpt.com
https://www.researchgate.net/publication/388700324_REVOLUTIONIZING_REAL-TIME_BIG_DATA_PIPELINES_WITH_AI_A_COMPREHENSIVE_GUIDE?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_NiFi?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_NiFi?utm_source=chatgpt.com
https://www.datastackhub.com/top-tools/open-source-data-engineering-tools/?utm_source=chatgpt.com
https://www.datastackhub.com/top-tools/open-source-data-engineering-tools/?utm_source=chatgpt.com
https://airbyte.com/top-etl-tools-for-sources/data-orchestration-tools?utm_source=chatgpt.com
https://arxiv.org/abs/2108.03485?utm_source=chatgpt.com
https://arxiv.org/abs/2108.03485?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_NiFi?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_NiFi?utm_source=chatgpt.com
https://www.datastackhub.com/top-tools/open-source-data-engineering-tools/?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Flink?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Flink?utm_source=chatgpt.com
https://medium.com/%40RC.Adhikari/data-pipeline-popular-widely-used-free-and-open-source-platforms-0b40cc273bea?utm_source=chatgpt.com
https://medium.com/%40RC.Adhikari/data-pipeline-popular-widely-used-free-and-open-source-platforms-0b40cc273bea?utm_source=chatgpt.com
https://airbyte.com/top-etl-tools-for-sources/data-orchestration-tools?utm_source=chatgpt.com
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4. Microservice Patterns Enhance Scalability: H-STREAM demonstrates cloud-centric microservice pipeline 

composition tuned to dynamic data volumes arXiv. 

5. AI Elevates Pipeline Resilience: Integration of AI improves data quality detection, anomaly handling, and latency 

optimization, enhancing real-time reliability ResearchGate. 

6. Ecosystem Fragmentation: While powerful, tool fragmentation and complex integrations hinder adoption and 

increase operational complexity. 

 

V. WORKFLOW 

 

A typical automated real-time pipeline in a Big Data ecosystem follows these stages: 

1. Ingestion 
o Use tools like Apache NiFi for real-time flow-based routing or Kafka for high-throughput messaging 

WikipediaData Stack Hub. 

2. Orchestration 
o Coordinate tasks via Airflow, Prefect, or Dagster, defining workflows as code with scheduling and dependency 

handling WikipediaEstuaryAirbyte. 

3. Processing 
o Apply streaming or batch logic using Flink for low-latency analytics and complex event processing WikipediaData 

Stack Hub. 

4. Storage & Query 
o Persist enriched data in stores like Apache Druid for quick OLAP-style analytics and dashboards Wikipedia. 

5. Quality Assurance 
o Include AI-driven validation, anomaly detection, schema change handling to ensure data integrity in real time 

ResearchGate. 

6. Monitoring & Observability 
o Instrument pipelines with logging, metrics, and alerting via orchestration UIs or custom dashboards. 

7. Scalability Patterns 
o Incorporate microservices for modular pipeline components as exemplified by H-STREAM for IoT and streaming 

workloads arXiv. 

8. Continuous Improvement 
o Automate iterative enhancement using feedback loops, ML model retraining, and optimization strategies. 

 

VI. ADVANTAGES & DISADVANTAGES 

 

Advantages Disadvantages 

Speed & Responsiveness: Real-time ingestion and 

analytics enable timely insights. 

Complexity: Multiple tools require integration, configuration, 

and coordination. 

Scalability: Tools like Kafka and Flink support high 

throughput and low-latency workloads. 

Steep Learning Curve: Expertise needed across frameworks 

(streaming, orchestration, AI). 

Automation & Observability: Orchestration 

platforms enable automated workflows and 

monitoring. 

Operational Overhead: Monitoring multiple components and 

managing failure scenarios is challenging. 

Enhanced Data Quality: AI-driven validations 

reduce errors and anomalies. 

Data Governance and Consistency: Maintaining schema 

evolution and data integrity across asynchronous streams is 

difficult. 

Modularity: Microservice patterns facilitate flexible 

pipeline design. 

Ecosystem Fragmentation: Tool heterogeneity may lead to 

maintenance and compatibility issues. 

 

VII. RESULTS AND DISCUSSION 

 

The integration of tools like NiFi, Kafka, Flink, Airflow, and Druid represents a de facto standard for real-time pipeline 

construction. NiFi simplifies the visual design of data ingestion flows; Kafka ensures high-throughput, durable 

streaming; Flink provides robust stream processing capabilities; Airflow and counterparts coordinate pipeline logic; and 

Druid delivers low-latency analytics. 

https://arxiv.org/abs/2108.03485?utm_source=chatgpt.com
https://www.researchgate.net/publication/388700324_REVOLUTIONIZING_REAL-TIME_BIG_DATA_PIPELINES_WITH_AI_A_COMPREHENSIVE_GUIDE?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_NiFi?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_NiFi?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Airflow?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Airflow?utm_source=chatgpt.com
https://airbyte.com/top-etl-tools-for-sources/data-orchestration-tools?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Flink?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Flink?utm_source=chatgpt.com
https://www.datastackhub.com/top-tools/open-source-data-engineering-tools/?utm_source=chatgpt.com
https://en.wikipedia.org/wiki/Apache_Druid?utm_source=chatgpt.com
https://www.researchgate.net/publication/388700324_REVOLUTIONIZING_REAL-TIME_BIG_DATA_PIPELINES_WITH_AI_A_COMPREHENSIVE_GUIDE?utm_source=chatgpt.com
https://arxiv.org/abs/2108.03485?utm_source=chatgpt.com
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H-STREAM’s microservice approach demonstrates how pipelines can be containerized and scaled dynamically in 

cloud environments, particularly for IoT use cases arXiv. AI-enhanced components, as documented, significantly 

bolster data quality and pipeline reliability, achieving improvements of over 95% in anomaly detection and sub-

millisecond latencies ResearchGate. 

 

However, complexity remains a major barrier. Teams must manage versioning, fault tolerance, schema changes, and 

data governance across multiple platforms. Tool maturity and community support vary—Kafka and Flink are well-

supported, whereas emerging orchestrators like Dagster and MLRun may lag. 

 

The key to real-world success lies in building modular, observable, and self-healing pipelines. Integration with cloud-

managed services (e.g., Kinesis, managed Airflow) and growing industry adoption will help mitigate complexity and 

accelerate adoption. 

 

VIII. CONCLUSION 

 

Automated data pipelines for real-time analytics have matured into powerful, modular systems built around ingestion 

tools (NiFi, Kafka), stream processors (Flink), orchestrators (Airflow et al.), and analytical stores (Druid). AI 

augmentation improves data reliability and performance, while microservice architectures like H-STREAM offer 

scalable, composable pipelines. 

 

Yet, engineering real-time pipelines remains complex. Moving forward, pipelines must become more automated, 

resilient, and easier to manage, blending orchestration, monitoring, and optimization with low operational overhead. 

 

IX. FUTURE WORK 

 

1. Self-Healing & Auto-Scaling Pipelines 
o Implement automation that detects failures and dynamically scales components based on load. 

2. Unified Orchestration Layer 
o Develop integrated orchestration platforms combining scheduling, streaming, and AI-enhanced quality control (e.g., 

MLRun). 

3. AI-Driven Optimization 
o Use reinforcement learning or AutoML to optimize pipeline parameters (batch sizes, resource allocation) in real 

time. 

4. Stronger Governance & Lineage 
o Embed data lineage, schema evolution tracking, and compliance within the pipeline framework. 

5. Serverless & Cloud-Native Pipelines 
o Shift toward managed, serverless tools to reduce infrastructure burden while maintaining real-time performance 

(e.g., Kinesis, managed Flink). 

6. Cross-Platform Interoperability 
o Standardize connectors and interchange formats to support multi-cloud and multi-tool ecosystems. 
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